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2.1 Text detection
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Figure 1: Text Detection 2 2}

2.1.1 Regression-based Text detection

7]1%2] YOLO [11] 2do[u} SSD [9] 22-g 53 g
AE 99 822 APt oL} o] T HHAlLe "l AE
el o] 2 A2 x| x] £t Z o] anchort&Eo|itt. A
Htdol Exel g HAEL 7i2r 32 22 9%

1 Hl&2 7HAA| ==t o] 7]& RdoflA AlgEol
% a2 anchor 18] 7] gr= Ao 9. o] o33}
o] TextBoxes [6] A= €] AE o] gtA] anchor H] &<
Aoz HoflFo] ZAIE sHAstrt shx|ek o] 2|t B
Aozl nE HAE RORS zrolxld| A7} 219l
t}. Figure 19] 9% T o] TextBoxese] A= 5 of
olg] AFAlo A B o &= gl =o] BlAE Bz] <o)
E A5t Bnofo 2t 23] o} 2= oIt} o] 7|2 0] ALE

=

_VL

r\l

KeX¥e}
=

e So] nE vk vha JEiR B4 E HHESH)
wolth 11 o] %, 7]-&o] X e g BAT-S 18T
FolEE FPUA EH

sl A2 Aol == A
A BoFAe it

2.1.2 Segmentation-based Text detection
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2.2 Image Processing
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Figure 2: Canny Edge Detection 12| &ofA ZAlH
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